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ABSTRACT: Do voters respond to school information provided in No Child Left Behind’s
school report cards? In this paper, I use a discontinuity imbedded in NCLB to measure the causal
effect of school failure on voter turnout in school board elections. I find that failing schools
increase voter turnout, with effect sizes consistent with other get out the vote interventions.
NCLB’s report cards appear to increase community involvement in schools. However,
accountability signals also encourage less desirable behavior. Mobilizing effects are short-lived,
with some evidence of repeated failure depressing turnout. And, when schools fail high resource
parents vote with their feet and move out of the school. On the whole then, failing schools
initiate important policy feedback that shift participation, but not always in desirable ways.
“We are transforming our schools by raising standards and focusing on results. We are insisting

on accountability, empowering parents & teachers, and making sure that local people are in
charge of their schools ... We will leave no child behind.” ~George W. Bush'

When schools fail, do voters react? Communities have a powerful incentive to care
about the local school’s performance. When school quality deteriorates, homebuyers vote with
their feet, gravitating en masse to areas with high quality schools. This behavior drives up
housing values (e.g. Black 1999). Simply put, people prefer to live near high quality schools
rather than low quality. But outside of moving, how do voters get what they want?

If a neighborhood school begins to fail, attentive residents have three options. They
can move, they can do nothing and hope the school improves, or they can try to improve the
quality of the school (Hirschman 1970). The first option may be unpalatable, as moving has high

costs. And patience might be in short supply; doing nothing has the steep cost of losing

12004 Republican Convention Acceptance Speech, Sep 2, 2004; emphasis added.



additional housing value. Alternatively, incentivized individuals could get involved in improving

the quality of the school. They can exercise voice.

Given a distinctive lack of traceability in the education system, people may struggle to
find the optimal way to improve the school. On a local level, they could choose to volunteer at
the school or give feedback to teachers and the principal. Alternatively, they could trace the
problem, and solution, to district officials: participating in school board or PTA meetings. Ata
higher level, they could lobby federal or state lawmakers to divert resources towards the school.

As one ascends the school governance structure, participation options become more
costly: requiring skills, networks, and resources that residents might not have. As a result, much
of the participation may involve local or district officials. Among these less costly alternatives,
residents could play a part in influencing and/or choosing the local school board.

School boards play an integral role in education reform. They influence schools by
overseeing administrative, curricular, and resource-based decisions. These decisions are of
critical importance, forming the basis of education processes in classrooms and schools
(Ehrensal & First 2008). As such, school board elections play a fundamental roll in the
education process. These elections tend to be close, further pushing individuals toward this
venue for voicing their displeasure of school deterioration (Gerber & Green 2008, p. 2-3).
Simply put, residents concerned with failing schools have powerful reason to focus their efforts
on the local school board. This paper examines the extent to which this type of behavior
occurs. In short, it examines whether failing schools influence the decision to vote in elections

where school board officials are on the ballot.
When the neighborhood school fails, should we expect voters to turnout? We know

that in many situations citizens are woefully incapable or unwilling to engage in political



processes (Converse 1964; Zaller 1992, Popkin 1994; Delli Carpini & Keeter 1996; Mettler
2011). A lack of pertinent information certainly restricts participation and democratic
accountability. However, retrospective citizens directly affected by education policy may buck
this trend (Schneider et al. 1997; Hastings et al. 2005; Kisida & Wolf 2010).

Certainly, well-designed public policies have the potential to mobilize previously
unengaged citizens. Policy feedback occurs when policies move political behavior. Scholars
studying in this area have documented numerous instances where this has occurred, including
responses to military (Mettler 2004; 2005a; 2005b; 2005¢; Teigen 2006; Erikson & Stoker 2011),
entitlement (Pierson 1992; Soss 1999; Soss & Schram 2007; Campbell 2002; 2003; 2011), health
(Campbell 2011), and education (Rangazas 1995; Hastings et al. 2005; Sondheimer & Green
2010; Solis, working paper) policies, to name a few. Depending on how governments publish
school failings, citizens may alter their subsequent political behavior (Jacobsen et al., working
paper). However, whether or not No Child Left Behind’s (NCLB) mandate for state governments
to publish the pass/fail status creates policy feedback is an open question.

Signed into law on January 8, 2002, the No Child Left Behind Act significantly shifted
U.S. education policy. Its desired effect was to raise student achievement above certain
thresholds, across various student subgroups, by the year 2013-2014. NCLB sought to achieve

this ambitious goal through a system of test-based accountability. This system has two primary



policy levers.” First, NCLB required a rigorous system of standardized testing and sanctions for
schools that didn’t meet certain performance thresholds. This first accountability channel has
been explored extensively, with scholars heavily disputing the effect of NCLB sanctions. Some
argue that test-based accountability distorts behavior in schools and has little effect on
achievement (Figlio & Winicki 2005; Ladd 2007; Figlio & Ladd 2008). Others hold that NCLB
has had moderate impacts on student achievement, while having minor distorting impacts (Ahn
& Vigdor working paper; Dee & Jacob 2011).

Second, NCLB published the performance of schools on these tests, in hopes that it
would motivate parents, policy-makers and the community at large to become more involved in
reforming local education systems. The text of the No Child Left Behind Act repeatedly
mentions involving parents and communities as a means of “improving student academic
achievement and school performance” (NCLB 2002, Sec. 1118 (2)(A)).” President George W.
Bush, campaigned on this component of education reform, repeatedly stating that he
“support[ed] empowering parents with information by requiring states to publish school-by-
school report cards with annual test results”.* The president, and his contemporaries, envisioned
a system of increased citizen-driven education accountability. They were hoping for policy

feedback.

2 The NCLB act is a long bill with many provisions. The third most prevalent policy lever could
be thought of as raising the quality of teachers.

3 A simple text search of the NCLBA reveals that parents are mentioned on just under 50% of the
pages, with “parental involvement” being mentioned on 20%.

4 GeorgeWBush.com: ‘Issues: Policy Points Overview’, Apr 2, 2000



Were their aspirations realized? While debate on the first accountability channel is
prevalent, debate over the effect of NCLB’s second policy is virtually non-existent. This paper
examines the extent to which NCLB’s revealing of failing schools moves communities to get
more involved in the education process. In particular, I focus on voters’ propensity to turnout at
school board elections when NCLB labels their school as failing. To answer this question
causally, I use discontinuities imbedded in No Child Left Behind (NCLB) to measure the effect
of school performance on voter turnout among the mass public. Such an approach examines the
voter-school interaction among schools close to the arbitrary cutoff of passing or failing adequate
yearly progress (AYP). This approach is robust to possible confounders or reverse
causation. To my knowledge, this is the first paper to leverage causal methods to shed light on
the effectiveness of NCLB at stimulating citizen-led accountability.

I find that failing schools cause individuals to vote at higher rates in school board
elections’: NCLB influenced the voting patterns of mass publics. Effect sizes are consistent with
other GOTV interventions, with important sub-group heterogeneities. However, such effects do
not last, with perpetually failing schools eventually depressing voter turnout. Individuals do
respond to failing schools, however perhaps not always in the way that policymakers
intended. Still, NCLB initiated a significant policy feedback process that noticeably shifted

participation.

5> Or more accurately, if they showed up in elections where a school board race is on the ballot. 1
cannot tell if individual voters actually voted in the school board election when it was on their
ballot.



I1. NCLB, Creating Policy Feedback?

Generally, how do we think about the potential for policies to build voice? Scholars
studying policy feedback have devoted considerable attention to this question. When policies
impact civic capacity, political mobilization and social capital, we call it policy feedback. “New
policies create new politics” as Schattschneider put it (Schattschneider 1935, p. 288). While this
framework seems straightforward, the question remains why policies move political
behavior. At first glance, policy feedback may be unanticipated, resulting from policy effects on
unintended outcomes: not all policies specify citizen engagement as a specific policy goal
(Mettler 2005). Still, policy feedback occurs as a result of policy design, independent of explicit
intent.

Policies shift resources, incentives, information, and interpretations (Pierson 1993;
Mettler 2004). Figure 1 displays the formal theoretical model of policy feedback.

[Figure 1 Here]
Given the fundamental forces in creating policy feedback, ex-ante would we expect NCLB’s
failing schools to produce higher levels of mass participation? Theoretically there are both
reasons for both optimism and skepticism. No Child Left Behind’s provision of failing schools
possesses several key components that would lead us to believe that policy feedback would
occur. But, it’s key provisions are may lack key components to create the desired mobilization.

NCLB could influence political behavior by providing information. This may be the



easiest mechanism to understand and the most fundamental to the policy design of NCLB.
Policies may fill information gaps, solving delegation problems in principal-agent

settings. Information may promote evaluation, increasing the level of accountability between
individuals and their government (Pande 2011). In many states before NCLB there was a glaring
information gap in the performance of individual schools. Some information existed, but this
information was sporadic, aggregated, and informally dispersed. NCLB provided a large-scale
information shock about the performance of individual schools. Did this information mobilize
parents and communities?

What can we learn from previous work regarding NCLB’s potential power to
mobilize? Previous work yields conflicting reports. Some information experiments or quasi-
experiments, primarily in international contexts, have shown that information can mobilize,
change preferences, and substantively alter the behavior of the state (Ferraz & Finan 2008;
Banerjee et al 2010; Chong et al 2010). These scholars argue that information can help citizens
hold government accountable (Pande 2011). Perhaps we can extend these lessons to the NCLB
context. However, experiments within the United States have found strikingly different
results. Information experiments stripped from emotive appeals, personal contact, or social
pressure find little mobilizing power in raw information provision. Green and Gerber, authors of

many of these studies have concluded, “mobilizing...is not just a matter of putting ...

6 One of the reasons NCLB was passed was to provide parents, and communities with the
information necessary to hold schools accountable. To many in the policy-making community,
these vested individuals are thought to be the “catalyst” behind improving school performance
(McDonnell 2004).



information in front of [individuals]” (Gerber & Green 2008, p. 137). Viewed in light of this
literature, we may expect little from NCLB’s information provision.

NCLB’s information may be visible enough to create policy feedback. State, media,
Internet, and home-buying networks may combine to form the dispersion mechanism of schools’
performance. A small, but growing literature has shown that individuals pay attention to school
performance data when presented with it (Charbonneau & VanRyzin, 2012; Jacobsen et al.,
working paper). While these findings are promising, there are reasons to be skeptical. Despite
numerous efforts, many individuals remain naive to the nearby school’s performance. They may
only respond if specific interventions go above and beyond the normal channels for distributing
school performance (ala. Charbonneau & VanRyzin, 2012).” Left to their own devices,
individuals are notoriously naive when it comes to policy (Converse 1964; Delli, Carpini &
Keeter 1996; Mettler 2011), perhaps blunting NCLB’s mobilizing power. And knowing and
acting are two separate phenomena. In short, whether NCLB’s provision of information
mobilizes is unclear. Though NCLB’s information provisions alone may be insufficient, when
combined with other forces it can substantially move behavior.

Information is not the only mechanism that could spur a policy feedback process. In
addition, the policies put in place by NCLB may encourage engagement by shifting

incentives. Incentives define alternatives available and create inducements to make particular

7 Their study examined parents’ subjective evaluations of schools when school performance was
distributed in a one-shot, large-scale survey.



choices (Pierson 1993). Incentives create the environment for human behavior to develop. One
of NCLB’s primary policy levers was a sanctions-based incentive system. Schools that fail to
make AYP have substantial incentive to improve; they are punished if they do not. This system
is independent of additional resources from Federal and State sources. It is distinctly an
incentives-based system. Given these school-level incentives, and a lack of substantial
additional resources, mass-publics may be recruited to participate by individuals with vested
interest in the performance of the school. Given no other options, principals may reach out to
community members to elicit their support in hopes that increased social capital will raise
achievement scores (ala. Freitag 2007; Putnam 2001, 2007). Numerous studies have indicated
that parent-community-school partnerships are often forged as an improvement strategy, despite
their mixed results (Epstein et. al 2001; Curto, Fryer & Howard 2011; Fuhrstenberg 2011). This
participatory outreach may spillover across participatory venues: from volunteering in the school
to voting in school board elections. However, incentives may not mobilize. Parents may see
sanctions as a substitute for their involvement.

In addition, No Child Left Behind shifts resources, albeit indirectly. Resource
constraints are often cited as reasons for obstructing political involvement (Brady, Verba,
Schlozman 1994; Plutzer 2002). Resource constraints may influence transportation, residence,
and social networks: all factors in the decision to vote (Brady & McNulty 2011). If citizens are
given additional resources through a policy intervention they may engage more: policies allow

participation for the willing but unable. They motivate citizens to get involved.



No Child Left Behind diverted very little additional direct financial to states and
schools (Peterson & West 2003), and very little of this likely trickled down to individuals not in
the school system. Still, NCLB transfers resources through a powerful indirect channel to those
inside and out of the school system. NCLB may substantially move housing values. Previous
research has indicated that individuals prefer to live in areas close to high performing
schools. No Child Left Behind’s accountability system provides a statewide system for
distinguishing between high and low performing schools. Given a codified system, homeowners
may experience shifts in their home equity (e.g. Black 1999; Caetano 2010). Given this
potentially large resource shift, mass-publics in failing school areas may be mobilized. This may
particularly be the case if area schools are only marginally failing.

Finally, No Child Left Behind may facilitate participation-shifting interpretations.
Interpretations provide “a toolkit of symbols and arguments that actors use in their efforts to
assemble meaningful interpretations of the world around them” (Pierson 1993). People’s
evaluations of government policy go beyond simple benefit-cost analysis. They attach meaning
and affect with specific government activity. Soss has argued that individuals on TANF learn
the broader attributes of government, perhaps incorrectly, by their individual experiences with
welfare caseworkers (Soss 1999). These beneficiaries are demobilized by the negative messages

conveyed by the intrusive, arbitrary, and confusing process of obtaining government assistance.”

8 Conversely, others have documented instances where government policy conveyed positive
meaning to individuals and groups, which fed-back into their subsequent engagement (Campbell
2002; Mettler 2004)
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Beyond NCLB’s effect on resources, incentives, and information, the law provides the
establishment of mutually recognized, simple to interpret signals. NCLB groups schools into
“pass/fail” dichotomies. The “pass/fail” dichotomy is almost universally recognized, prevalent
across many contexts, and reacted to more than other similar information formats (Jacobsen et.
al, working paper).’ It comes with a certain stigma, which may play a key role in components of
the test-based accountability systems (e.g. Rouse and Barrow’s response to Peterson & West
2006. See Rouse & Barrow 2008, p. 34). However, feedback doesn’t always produce its
intended affect (Dweck & Mueller 1998). Perhaps this negative affect spurs political
participation: people don’t like failing, and work hard to avoid such a label. Perhaps not (Jacobs
& Weaver 2010). This type of reaction may be contingent on the traceability of the negative
signal.

Traceability is the recognition and attribution of government policy. Given limited
cognitive ability, individuals may only be moved by policies they recognize and attribute to a
certain government body (Pierson 1993; Campbell 2011; Mettler 2011). Within a schooling
context, even if individuals know that their school is failing, they may not know whom to hold
accountable. Individuals may be motivated to act politically, but not know how to do so. They
may ask: who is at fault when a school fails? Answering that question is complex. Concerned

citizens have multiple levels to attribute blame, including teachers, principals, school boards,

9 This study showed evidence that the pass/fail description moved subjective evaluations more
than other comparable data formats.
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state bureaucrats, members of Congress, etc. Given the difficulty of seeing political behavior at

some of these levels, policy feedback might be stunted.

From a theoretical perspective, there are reasons to suspect that NCLB produces policy
feedback; that individuals pay attention and react politically when a nearby school fails. NCLB
may provide necessary information, shift resources, and produce incentives sufficiently to
produce a feedback effect. However, visibility and traceability remain theoretically
problematic. Without empirical investigation the effect of failing schools on political behavior is

ambiguous. Only rigorous, causal hypothesis testing can come to a definitive answer.

I11. Data
This paper uses publically available data from the North Carolina voter file and the
state’s Accountability Services Division within the state Department of Education to answer
whether failing schools mobilize mass publics. Table 1 provides summary statistics across the
two data sources.
[Table 1 Here]

Since the data from these two sources are at different levels and don’t naturally “fit”
together cleanly, I describe both in detail here. The first part of the data was collected from the
North Carolina voter file. The state’s voter file contains information about individuals’ voting
history along with individual addresses, school district assignment'®, and a variety of

demographic factors.'' Individuals’ voting history is the primary dependent variable in my
grap g ry p

analyses. In the voter file, I do not restrict the data to individuals with children in schools. I

examine the broader voting patterns of all registered voters. I do restrict voting to elections in

10 But not individual school assignments
1 Including race, age, party-identification, and gender.
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which a member of the school board was on the ballot."?

North Carolina school boards hold elections every two years, at varying times during
the year. Elections are either held during the May even-year primary, November odd-year
municipal, or November even-year general election. Districts consistently fall within one of
these categories over the time period I explore. Because of this variation, school board races
occur in a variety of electoral contexts.'” Table 2 documents these contexts, along with

information on my second data source: school performance.

[Table 2 Here]

The second part of the data was collected for all available schools from 2004-
2011. These data comprise the primary independent variable in my analyses. Under reforms
enacted with the passage of NCLB, states are required to publically report school-level
performance data. The metrics mostly consist of student test scores, but also include attendance
(in elementary and middle schools) and graduation rates (in high schools). Schools are required
to report all metrics for 10 sub-groups.'* Schools’ performance in these subcategories determines
whether or not the school meets adequate yearly progress (AYP). AYP is achieved if all
subcategories surpass state-set arbitrary proficiency standards.

If schools fail to meet AYP for two consecutive years, they enter into a graduated

12 T use “school board election” and “election with a school board race on the ballot”
interchangeably.

13 Something I explore in the results section.

14 Subgroups include: All students, American Indian, Asian, Black, Hispanic, Two or More
Races, White, Economically Disadvantaged, Limited English Proficiency, and Students with
Disabilities. Schools having 40 students enrolled in the sub-group categories being required to
report results. The required metrics for the 10 sub-groups can be viewed here:
http://www.ncpublicschools.org/accountability/reporting/aypresults
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system of sanctions. In the first sanctioned year, the school must offer intra-district

transfers. However, few students take advantage of this option. In the next failing year, schools
must offer supplemental education services (SES). SES include tutoring services to low-income
students. Following these relatively light sanctions, the sanctions increase in severity. The third
failing year requires corrective action, which includes changes to staff/leadership, curriculum,
instructional time, or the appointment of outside advisors. In subsequent years, schools must
design, submit, and execute a restructuring plan. These include: converting the school to a
charter, replacement of the principal and most staff, state takeover, contracting with another
entity to manage the school, or similar major change to school governance.

School and voter data are collected at different levels. The unit of observation in the
voter file is the individual, and the unit of observation in the accountability data is the school. In
order to fit the two data sources together, voters were matched to the school that the minimized
Euclidean distance between the voter and a public school.”” The matching process did not
separate elementary, middle, or high schools; all were matched to the most proximate school.'®
And individual voters could be matched to any public school that reported NCLB school
performance.'” This matching process was relatively efficient, with 96.4% of voters in the voter
file being matched to the school closest to their address.'® There was no difference in match rates
across passing and failing schools.

The advantage to this matching approach is that it links school performance with actual

15 Euclidean distances are measured as one would measure with a ruler: “as the bird flies”.

16 Future iterations of this paper will include separate matches to school type.

17 As public schools who fall under NCLB criteria, Charters are included.

18 Unfortunately, this matching strategy could not be cross-validated with official school-address
assignments. The state has relatively little involvement in determining school assignment, aside
from drawing district boundaries. School assignment is primarily determined at the district level.
With more than 100 districts, virtually 100 school assignment procedures exist. All districts
draw maps that determine school assignment by address. However, the availability of these
maps varies substantially across districts.
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voter behavior, something not done previously. Previous work has focused on matching school
performance to survey responses, focusing on self-reports rather than actual behavior (Chingos
et. al. 2012; Jacobsen et. al., working paper). My strategy gives us a richer picture of the effect of
school performance and citizen voice. The disadvantage to this matching approach is that some
matches are more accurate than others. The proximity process matches voters to their assigned
school better when individuals do not live near school boundaries. Though this is problematic,
aligning some voters to schools that they are not assigned, it matches with the general research
question outlined in previous sections. Individuals, be they parents with children in school or
citizens without children, may look to the “neighborhood school” in determining whether to get
involved by voting in school board elections. This neighborhood school need not be the school
that individual voters are actually assigned to, but may be a school close by that represents that
voter’s depiction of how schools are doing in their area. This matching strategy fits a world in
which voters are semi-informed, often voting based on limited or flawed information. In
accordance with my matching strategy, voters may pay more attention to the proximate school
than the one that they are assigned.
IV. Methods

Estimating the relationship between school performance and voter behavior is likely
confounded by a number of factors, some difficult to observe. A complex web of institutional,
community, and individual factors may influence voter turnout and education performance, thus
biasing naive models that relate the two. Formally modeling all these factors is a daunting task.
And signing potential biases from the interrelated factors may be impossible. In lieu of
controlling for a complex array of variables, I use the arbitrary nature of sorting schools into
passing or failing categories. Sufficiently close to the line of treatment, observations are

separated primarily by exogenous shocks, allowing us to establish treatment and control groups
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separated only by local randomization (Butler & Butler 2007). Regression discontinuity
leverages this fact, using data points close to the arbitrary cutoff to model the effect of
treatment. Under modest assumptions, RD models produce a local average treatment effect that
is free from omitted variable and simultaneity biases (Nichols 2007)."* Though unbiased, the
results outlined below are local estimates: having validity only close to the AYP threshold.”

Within the education context, schools close to failure are sorted into treatment or
control groups based on trivial factors outside the control of schools and individuals. In large
samples potential confounders (be they institutional, community, individual, etc.) are balanced at
the margin (see Table 1). In this paper, I use the arbitrary nature of NCLB’s proficiency cutoffs
to run regression discontinuity (RD) models. This method allows me to estimate the causal

effect of poor school performance on voter turnout.

In this paper, treatment consists of missing AYP (being a failing school).?! Figure 1
shows the distribution of performance mapping AYP status for all schools in the 2009-2010 year
along with a year-by-year summary of school performance.

[Figure 1 Here]
Schools pass AYP when they meet all arbitrarily set test-score thresholds for 10 different

subgroups.” Schools meet arbitrarily set proficiency thresholds for each of the subgroups

19 This method has long been available to researchers (Thislethwaite & Campbell 1960), but has
only recently grown in prominence recently within political science (Lee, Moretti, & Butler
2004; Butler & Butler 2007; Hainmueller & Holger 2008; Lee 2008; Ferraz & Finan 2008).

20 This is an inherent weakness of all RD models.

21T also look at failure followed by sanction if the school is in the second consecutive year
missing AYP

22 Subgroups: all students, White, African American, Hispanic, Asian, American Indian, two or
more races, economically disadvantaged, students with disability, limited English

proficiency. Subgroups are measure in both math and reading. If fewer than 5 students are
categorized in each subgroup in a school, that school is exempt from reporting test scores in that

group.
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through three channels. First, schools can pass if their score, for all student subgroups, simply
exceeds the overall proficiency level. Second, schools pass if their school is proximate to the
threshold.” Finally, schools can pass if they exhibit sufficient growth from year to the next. If
one of these channels places the school above the proficiency threshold, the school passes. If
one of the channels does not push the school above the arbitrary proficiency threshold, for all
subgroups, the school fails. Table 3 provides an illustration of this process.

[Table 3 Here]

For the RD models, I must establish not only whether schools fail but also how close
they are to doing so. With 10 subgroup categories®* and 3 channels of passing, identifying the
running variable is no small task. To do so, I use a procedure similar to that developed by Ahn
and Vigdor (Ahn & Vigdor, working paper). Their procedure identifies both a channel and a
subgroup score to classifying proximity to failure. The intuition behind their procedure matches
the codified rules which identifying school failure. Table 3 is a valuable reference point for
understanding how the running variable is established.

The channel of passing identifies how close the school is to passing within a subgroup.

The decision rule [D1] for choosing the channel of passing is:
[D1] If one or more channels indicates passing AYP, choose the channel of passing
furthest above the threshold. If all channels indicate failure, choose the channel closest

to the threshold.
The intuition behind the decision rule for channel of passing is that if any one channel
places the school above the threshold, that subgroup is marked passing under NCLB’s

provisions. The channel that produces the highest score identifies how far a school would have

23 Termed passing with confidence interval.
24 In 2 subjects: math and reading.
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to deteriorate to not pass on at least one channel within the subgroup. Similarly, if all channels
are below the threshold, the closest channel to the threshold represents the most likely way the
school could achieving a passing score.
The subgroup score identifies one of the subgroup categories to decide overall proximity to
failure. The decision rule [D2] for choosing the subgroup score is:
[D2] If thresholds are met for all subgroups, use the subgroup closest to the threshold.
If all thresholds are not met, use the subgroup difference furthest below the threshold.
The intuition behind choosing the subgroup score is analogous to the channel of

passing. If any subgroup score falls below the cutoff, the school fails AYP. Passing schools are

most likely to fail if their closest subgroup score falls below the threshold. If schools are failing,

passing occurs only once all subgroup categories are brought above the threshold. The furthest
subgroup score approximates how far a failing schools has to go to pass.

The Ahn/Vigdor specification of the running variable is not the only way to identify
proximity to failure. One could imagine approaches that average the various channels of passing
and subgroup differences or that choose the metrics closest to the discontinuity.”> However, the
Ahn/Vigdor approach best sorts schools into the correct pass/fail groups, correctly identifying
60-80% of schools.”® This allows the models to be run with the least amount of fuzziness:
preserving the largest jump in the probability of treatment at the margin. Figure 2 illustrates this
jump graphically.

[Figure 2 Here]
Fuzzy RD is required, as schools are not perfectly categorized as passing or failing by the

running variable. However, this is of limited threat to the validity of the estimates (Angrist &

25 Other ways of specifying the channel of passing and subgroup gap yield similar results to
those discussed below.
26 Depending on the bandwidth used.
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Pischke 2008). Fuzzy RD uses standard IV methods to adjust for non-compliance.”” Functions
[1] and [2] show the general form of the fuzzy RD models, as estimated in a two-staged

procedure, with each variable indexed 7 for school and ¢ for year.

[1]

To correspond with the data matching process (described in the previous section), the
dependent variable in function [2] is indexed at time T+a, with the distance in time between the
independent and dependent variables varying across election context.”® In the first stage, function
[1], the treatment variable Failing School is instrumented by the running variable (proximity to
failure) and the failure rule (7). T is a binary variable, which takes a value of 1 if the running
variable indicates failure. The second stage estimates the instrumented effect of Failing School
on Voting: the TOT.*® Estimating the true effect of school failure on voter turnout requires two
modeling decisions. First, getting the functional form of the model. Getting this correct is of
upmost importance. If the functional form is misspecified, non-linear relationships can be
mistaken for discontinuous jumps. To account for such a possibility, I fit a quartic polynomial

RD model.* Second, using the correct bandwidth of data around the cutoff. To adjust for this,

27 Non-compliance is in place because of imperfect treatment categorization by the running
variable. It is not because schools dodge failure if they are supposed to fail.

28 0=4 months (general & municipal elections) or a=10 months (primary elections).

29 Results are robust to more complicated instrumenting procedures, such as interacting 7" with
the running variable.

30 Results are robust to the modeling of the running variable.
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my models are run across a variety of bandwidths.’’

In order to correctly estimate the standard errors in function [2], an adjustment for
clustering within schools is made. Remember, treatment is administered at the school level, with
voting occurring at the individual level. When treatment is administered in this way, individual-
level voting behavior is correlated within clusters. Without an adjustment, standard errors would
be underestimated. In order to adjust for the clustered nature of the data, I take two approaches.
For most models I collapse the individual voter data to the school level, and weight according to
the number of voters within the school zone. Hence, Voting is a continuous variable representing
voter turnout within in a school zone. However, in several models, I leave data at the individual
level, making Voting a 0/1 variable. In these models I cluster at the year-school level using

Moulton’s correction for large clusters (Angrist & Pischke 2008).
V. Specification Checks

If the assumptions of RD hold, the estimate for Failing School (B;) will be unbiased by
confounders or simultaneity. Close to the arbitrary cutoff individual schools are separated, on
average, only by exogenous shifts (Butler & Butler 2007). Put another way, schools fail

randomly within a narrow bandwidth. They are distributed in an as-good-as random

31 To be thorough, I include estimates across a range of bandwidth values in the running

variable. Bands reflect the range of data included in RD models. Model results are often
sensitive to bandwidth selection. To incorporate this the traditional approach is to use the optimal
bandwidth calculation of Imbens and Kalyanaraman (2009). This approach is designed to
minimize MSE. However, this approach is not canonical, and RD model results are often
sensitive to bandwidth selection. To reflect this, I report results over a broad range of bandwidths
(Nichols 2007). Generally, my results are robust across a variety of bandwidths, with extremely
narrow bandwidths lacking data support to come to firm conclusions about coefficients
estimated.
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fashion.**Thus, the interpretations of coefficient estimates are similar to that in a randomized-

control experiment.

Though the arbitrariness of a cutoff cannot be tested formally, a couple of checks are
illuminating. First, no previous research identifies the specific cutoffs as being substantively
meaningful. The threshold for individual schools is sufficiently precise so as to allay any
concern that the threshold itself had any substantive meaning. For example, for elementary
schools during the 2010-2011 school year the AYP cutoffs were 71.6% of students passing in
reading and 88.6% percent in math. These specific numbers have little meaning independent of
their distinction as the pass/fail level.

Second, if observable traits are relatively balanced at the cutoff, we can reasonably
infer that the cutoff is arbitrary. By this specification check, the threshold for individual schools
was arbitrarily set. Table 1 (shown earlier) provides evidence that failed schools, and matched
voters, were remarkably similar at the pass/fail margin. Figure 3 is complimentary to Table 1,
plotting some potential confounders at the margin. Several possible confounders are balanced at
the discontinuity. Importantly, lagged voter turnout is balanced at the margin. Before failing

schools failed, they had similar baseline levels of voter turnout. In addition to the controls I

32 Though this assumption is inherently untestable, validity tests exist to lend support or

oppose. If schools cannot perfectly manipulate the running variable or do not know the cut-off,
then the distribution of the running variable should be smooth across the distribution (Chen and
van der Klaauw, 2008; Lee, 2008; Lemieux and Milligan, 2008). If there is jump in the running
variable at the discontinuity point, it is possible that school manipulation (perhaps through school
cheating) is occurring. McCrary developed a specification test along these lines to check the
continuity of the running variable at the discontinuity (McCrary 2008).
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show, Ahn and Vigdor show that the percent of students who are free-reduced price lunch,

limited English proficient and minorities in the year of failure is smooth across the NCLB

discontinuity (Ahn & Vigdor, working paper). Together, this provides strong suggestive

evidence that the pass/fail discontinuity establishes local randomization. Such results lend

support to using RD as a means to analyze the impact of school performance on voter turnout.
[Figure 3 Here]

Finally, figure 4 provides another empirical check on the arbitrariness of the cutoff and
of potential manipulation of the running variable at the discontinuity. It shows McCrary’s test
for a discontinuity in the running variable. For some specifications of the running variable, there
is a cluster of schools just above the pass/fail line.

[Figure 4 Here]
This cluster of schools suggests that some schools were able to identify the level of effort
necessary to pass, and manipulate their test scores to make it just above that level. However, this
may be an artifact of the way the running variable is specified. The cluster of schools disappears
when the running variable is specified as the average subgroup score. And if I break down the
specification test by year, most of the years satisfy McCrary’s suggestive conditions; with no
clear pattern of schools increasingly being able to game the system over time.>> More often than

not schools are distributed equivalently at the discontinuity threshold (Ahn & Vigdor, working

33 My results are robust to whether the unbalanced years are included or left out. It does not
appear that my results are biased by rampant manipulation of the running variable, if there is any.
The results reported below include all years to increase precision.
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paper).

In total, there is little evidence that the cutoff is not arbitrary, the covariates
unbalanced, or test scores susceptible to rampant manipulation. The specification tests outlined
here lend support to the use of RD as a means of obtaining unbiased estimates of the causal
effect of school failure on voter turnout.

VI. Results

When schools fail, voters take notice, and their voting behavior is changed.

Coefficients displayed in table 4 are estimates of ; in function [2].

[Table 4 Here]
Generally speaking, having a failing school nearby causes an increase in voter turnout of about
2.2% (estimates range from about 2-3%). Though this effect size seems substantively small, it is
likely a conservative estimate, shields substantial heterogeneities, and is in line with effect sizes
from previous GOTV studies. Figure 4 shows this relationship graphically. Figure 5 is a
stylized version of function [2]. For visualization purposes, it shows the linear fit of bin averages
across the running variable. However, higher order specifications yield similar results.

[Figure 5 Here]
At the margin, the effect size is robust to model specifications. And the definition of the margin
appears to have little effect either. Figure 6 shows the effect of a failing school on voter turnout
across a variety of bandwidths, for both the Ahn/Vigdor and average specficications of the

running variable. Lack of significance in the narrower bandwidths may simply reflect a lack of
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power in the narrow range of the running variable. Overall, it appears that I cannot reject my
hypothesis; there is substantial evidence that voters turnout at higher rates when they are
exogenously placed near a failing school.

[Figure 6 Here]
VII. Confounded by Exit?

My estimates indicate that failing schools moderately increase voter turnout in
elections involving a school board race. However, when individuals receive a signal that their
school has failed, they could choose to vote with their feet rather than voting at the ballot
box. This behavior could drive or confound my results. The extent and attributes of movers
determine the nature of the bias moving introduces to the school-voter relationship. If we can
identify the type of individuals who move when a school fails, we can sign the bias introduced to
the relationship between school failure and voter turnout. Table 5 illustrates this with a simple
table.

[Table 5 Here]
If high propensity voters (high income, education, etc. ala. Verba, Brady, & Schlozman’s high
resource individuals) move to passing school zones when their school fails, my estimates would
be biased downward. More high propensity voters in the control group (passing schools) would
inflate their turnout numbers in subsequent elections, thus narrowing the effect size of failure on
turnout. Conversely, if low propensity voters move from failing schools to passing schools I

would overestimate my effects. This second type of behavior would be particularly
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troubling. As it is unclear a-priori which type of movement occurs®*, I turn to alternate models
to describe who moves when a school fails.

First, how often do voters move when a school fails? There is some evidence that
moving occurs after a school fails. Table 6 illustrates the effect of school failure on the number
of registered voters in the school zone in the election after the school fails.

[Table 6 Here]
Table 6 indicates that when schools fail, individuals move. Depending on the model used or
what the school has at stake with the next failure (sanctions or not), failing schools decrease the
number of registered voters in the next election by a few hundred.” Some models lack statistical
significance at traditional levels, however, generally the models indicate that when schools fail,
some voters notice and vote with their feet.”®

But, who moves? Regardless of net changes there may be bias introduced by the nature
of the voters who move. In the voter file it is difficult to sort out who moves and who
stays. Individuals may choose to leave their registered address the same when they move,
confounding the possibility of looking at mover type using the voter file. Instead, I turn to

descriptive characteristics of individuals enrolled in schools a year after school failure. This data

34 It is possible that high propensity voters are more likely to move when there school fails. Or,
high propensity voters may send their children to a private school rather than moving. Low
propensity voters (being generally low income individuals) may not have this option, making
them more likely to move.

35 The mean number of registered voters in a school zone is 1,153 with a standard deviation of
5,300.

36 The number of voters also decreases, ruling out the possibility that an increase in turnout is an
artifact of a lower denominator only.
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is furnished through the North Carolina Education Resource Data Center (NCERDC) housed at
Duke University. This data provides demographic and socioeconomic characteristics of all
students enrolled during the period I study. Though this does not document the full population I

examine in the voter file, it overcomes limitations in the voter file.*’

And it gives us a rich
understanding of who moves when a school fails.

Table 7 shows estimates for the effect of school failure on a pair of school composition
outcomes: parental education level and student free-reduced price lunch status.

[Table 7 Here]

When schools fail, the next year there are fewer students who have parents with a college degree.
This result is robust to model specification, though the effect size varies somewhat. Overall,
when schools fail they lose about 10-25% of their highly education parents the next year. In
addition, when schools fail, wealthy parents exit. The year after failure, schools are comprised
of 7-10% more students on free-reduced price lunch. This effect is somewhat sensitive to model
specification. Overall, these results indicate that when schools fail, high propensity voters

(Verba, Schlozman, Brady 1994) move.

In sum, there is reason to believe that my estimates are biased downward. When

37 This assumes that if movement in the broader population occurs, we would see similar patterns
in movement among those enrolled in the school. While I cannot test this assumption, analogous
models to those run in Table 6 were estimated using the total number of students in the school as
a dependent variable. When a school fails, the number of students enrolled slightly declines,
mirroring the overall moving trend found in the voter file. This provides suggestive evidence
that movement in the general population can be picked up by looking at movement from the
school.
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schools fail, those who have more education and income exit. This result aligns with previous
work indicating that individuals with a high propensity to vote might also have a high propensity
to move (Hirschman 1970; Verba, Brady, Schlozmann 1994). Since this seems to be the case,
and little evidence points towards low propensity voters doing the moving, my estimates are
likely underestimating the true effect of school failure on voter turnout. If anything, failing
schools mobilize voters more than a 2-3 point bump suggested in the previous section.

VIII. Treatment Heterogeneities

In establishing a relationship between failing schools and voter turnout, electoral
context could matter. School board elections in North Carolina occur at three times: during odd
year Municipal Elections, even year Primaries, and even year Generals. Across the electoral
context, effect sizes vary greatly. Table 8 illustrates this point.

[Table 8 Here]

Ex-ante, general elections may seem like the least likely time to see effects, with
school-quality being muted by myriad other issues. We might expect failing status to influence
voter turnout most in municipal elections, where campaigns focus on more local
issues. However, when aggregated together, effect sizes are largest in even year general
elections, moderately smaller in primaries, and smallest in municipals. At first glance this may
seem puzzling. What drives this phenomenon? When broken down individually, municipal
elections have quite a bit of heterogeneity. Municipal elections see the largest positive

coefficient sizes with 3-point bumps in turnout in 2005 and 2009. However, negative effects in
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other years mask these effects.

The general election effect appears to be driven almost entirely by the 2004 General
Election. This election was held while NCLB was in its formative years. School sanctions were
only beginning, with the 2004-5 school year being the first for failing schools to be held
accountable. Most communities had only begun to receive signals that schools were failing and
being punished. In addition, education was a highly salient issue in the President Bush’s re-
election. Compared to other elections, the context surrounding 2004 made failing schools a
highly salient issue. This effect diminished over time, with campaigns focusing on other
issues®®, and voters having received multiple signals of the neighborhood school’s performance.
This general pattern also occurs in municipal and primary elections: in both election types largest
effect sizes tend to be found in earlier years, with effects sizes diminishing over time, and
sometimes becoming negative. This pattern has been observed in other policy feedback studies
(Campbell 2003, ch. 7).

Effect heterogeneities also exist across a variety of demographics. The overall effect is
driven by treatment response among females, blacks, democrats, and certain age groups. Effect
sizes within these groups tend to be around 4.5-5.5%.

[Table 9 Here]

As the results in Table 9 are collapsed to the school level, demographic heterogeneities are

38 2006 was largely a referendum of President Bush’s performance (Jacobsen 2007). 2008 was
similar with focus on the flailing economy and conflict abroad. In 2010, campaigns focused
largely on President Obama’s performance with the economy, deficits, and healthcare.
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expressed as averages within a school cluster. Thus, the results in Panel A are interpreted as
effects within areas whose voter enrollment is comprised of high numbers of females, blacks,
democrats, etc. Heavily populated areas are defined as areas having populations 'z ¢ above the
mean composition. The results are generally not sensitive to this arbitrary decision. In addition,
the results are not sensitive to individual-level models, which cluster at the school level.

In addition, voters respond to failing schools differentially across age, with largest
effect sizes when average age in a school cluster is between 35-50 or 55-65. This may coincide
with a life-cycle type treatment response, particularly for voters with children (Verba, Brady,
Schlozman 1995). Voters within the 35-50 group may be responsive to failing schools, as they
have children enrolled in schools. Voters within the 55-65 group may be responsive to failing
schools, as this is when children leave the house and/or homes are sold coinciding with
retirement.”

VIIIA: Heterogeneities- Do Feedback Effects Perpetuate?

Contrary to previous education policy feedback studies (Hastings et. al 2005), there is
a distinct time component to the failing schools treatment.** School-voter clusters can
experience failing continuously year after year, or they may exit failure. Table 10 shows the

effect of perpetually failing schools, those that remain and progress through the sanctioning

39 This conclusion is robust to different average age groupings. The current decision was made
with data support at the discontinuity in mind.

40 Other feedback studies have identified that policy feedback is contingent on previous
experience with public policy (see Mettler 2005).
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system.*' In short, Table 10 shows that the positive mobilizing effect of a failing school does not
persist if a school repeatedly fails.

[Table 10 Here]
In the overall model, schools that make it above the restructuring sanction level (meaning they
failed for at least 6 years without two consecutive passing years) experience school board turnout
that is 22% lower than comparable perpetually failing schools that pass. This phenomenon is
generally observed across demographic subgroups. Most of the coefficients in later years are
negative, however data support in these two-way heterogeneities may be lacking to achieve
statistical significance.

If schools perpetually fail, the positive turnout effect of a failing school appears to
disappear, and in most instances become negative. Certain policies have the distinct role of
demobilizing citizens, thus potentially changing the nature of future policy-making (Soss 1999;
Campbell 2011). NCLB pass/fail status appears to follow this pattern. After receiving multiple
signals that their proximate school is failing, voters may eventually become significantly
depressed. The mechanisms behind this effect are unknown. However, this finding may be
explained through mechanisms such as learned helplessness (White 1992), changing salience of
failing schools in the minds of voters, or by voting with ones feet. Regardless of the mechanism,
depressed participation among perpetually failing schools may be a driving force in the lack of a

grassroots campaign to reform NCLB.

*! Time and sanction level are highly correlated.
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IX. On Effect Sizes:

One might respond that the estimates appear to be quite small; though failing schools
influence voter turnout, they do so only minimally. However, inferring this from the results
presented above would be a mistake. Effect sizes presented here are consistent with effect sizes
from other work within the voter turnout literature. Table 11 presents the results outlined above
in context with the size of other GOTV interventions.

[Table 11 Here]
Failing schools have a comparable effect on voter turnout to other GOTV interventions. My
effect sizes seem reasonably sized when compared to Gerber and Green’s estimates of face-to-
face contact, targeted mailers, and phone contact.** In general, face-to-face contact remains
supreme as a GOTV intervention. However, a failing school seems to have similar impact to
targeted mailers, and larger than the estimate of most phone solicitations.

In addition, treatment heterogeneities reveal that the effect of a failing school depends on
demographics, age, timing, and repeated treatment with several of these groups seeing
substantial changes in their voter turnout when a proximate school fails.

Finally, I re-emphasize that my results are likely biased downwards because of the
possibility of high resource individuals voting with their feet when the neighborhood school
fails. Consistent with Hirschman’s analysis of the interaction between voice and exit, my results

are likely drawn from a slightly less mobilized population than would otherwise be observed if
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the electoral behavior of movers was observed.

In short, though the effect of a failing school is small in absolute numbers, relative to
other interventions they are right on par. The choice to vote is more fully determined by other
factors (i.e. age, parental voting patterns, etc.), but other influences can matter. Voters are
influenced by the performance of the neighborhood school.

X. Discussion

It’s possible to question the results I have presented here as analyzing the wrong
dependent variable. Perhaps the results are interesting, but not informative from a policy
perspective. Should policy makers care about voting? They should.

Voting is an informative act, in and of itself. In a democracy, voter outcomes predict
future policy outcomes. Often in electoral contexts, races are close, well within manipulation by
mobilization techniques (Gerber & Green 2008). As education policy can serve as a get out the
vote intervention (Hastings et al. 2007), voting should be examined as a primary outcome in
education studies.

Even if one asserts that voting is not an expressly important policy variable, it may still
important to examine this variable in policy contexts. Exploring voter behavior reveals things
about people that we wouldn’t know otherwise. Voting is a key component in the broader
concept of citizen voice (Hirschmann 1970), civic capacity, and social capital (Putnam 2001,
2007). It is the most common act of political involvement (Brady, Verba, Schlozman
1994). Voter behavior could matter if it spills over into other contexts or proxies for other
expressly important policy variables. Previous research indicates that voting is highly correlated
with behaviors such as volunteering and other forms of civic participation (Hart & Atkins 2002;

Frisco, Muller, & Dodson 2004; Hart et. Al 2007; Pasiek, Romer, Jamieson 2008) and
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attitudes/attributes such as civic knowledge, trust, tolerance, and reciprocity (Wichowsky, A. &
Moynihan 2008). Collectively, these attributes reveal the quality of democratic institutions, and
the health of society. Policy-makers, particularly in education contexts, should value these
outcomes even if they do not value voting per-se. They are highly related, and possibly causally
prior, to important education outcomes (Putnam 2001, 2007). Truly, “Mass political behavior
cannot be adequately understood without attention to how it is influenced by public policy; and

public policy cannot be adequately analyzed apart from its effects on mass opinion and behavior’

(Mettler & Soss 2004).

In short, voting proxies for policy relevant variables. In short, policy feedback is
relevant from a policy perspective. In the case of NCLB, there appears to be noticeable policy
feedback built into the law’s sanctioning system. Voters do pay attention to the performance of
the neighborhood school. Presented with a failing school nearby, voters initially turnout in
higher numbers. However, this promising result does not perpetuate. Eventually, failing schools

depress turnout.

On the whole, the results signal that NCLB’s system of test-based accountability has
mixed effects on stimulating school accountability from the mass public. It may improve some
policy relevant outcomes in some contexts. However, in other contexts NCLB sanctions may
have an opposite effect. At bottom, a full understanding of this law requires balance. Given a
slew of recent state-level waivers from NCLB’s sanctions, policy makers should be very careful
before they jump into new accountability structures. Such structures are loaded with promise,
but also unintended consequences for citizen-based accountability; which should not be
ignored. Policy makers should view sanctioning systems with wariness and care: those that do

not do so at the peril of the voters and children whom they govern.

33



REFERENCES

Ahn, T. & Vigdor, J. Working Paper. The impact of No Child Left Behind’s accountability
sanctions on school performance: regression discontinuity evidence from North Carolina.

Angrist, J. D., & Pischke, J. S. (2008). Mostly harmless econometrics: An empiricist's
companion. Princeton University Press.

Arnold, R. D. (1992). The logic of congressional action. Yale University Press.

Banerjee, A., Kumar, S., Pande, R., & Su, F. (2010). Do informed voters make better choices?
Experimental evidence from urban India. Unpublished manuscript.

Black, S. E. (1999). Do better schools matter? Parental valuation of elementary education. The
Quarterly Journal of Economics, 114(2), 577-599.

Brady, H. E., Verba, S., & Schlozman, K. L. (1995). Beyond SES: A resource model of political
participation. American Political Science Review, 271-294.

Schlozman, K. L., & Brady, H. E. (1995). Voice and equality: Civic voluntarism in American
politics. Harvard University Press.

Brady, H., & McNulty, J. (2011). Turning out to vote: The costs of finding and getting to the
polling place. American Political Science Review, 105(1), 115-134.

Butler, D. M., & Butler, M. J. (2006). Splitting the difference? Causal inference and theories of
split-party delegations. Political Analysis, 14(4), 439-455.

Caetano, G. (2010). Identification and Estimation of Parental Valuation of School Quality in the
US. Unpublished Manuscript.

Callahan, K., Rademacher, J. A., & Hildreth, B. L. (1998). The effect of parent participation in
strategies to improve the homework performance of students who are at risk. Remedial and

Special Education, 19(3), 131-141.

Campbell, A. L. (2002). Self-interest, social security, and the distinctive participation patterns of
senior citizens. American Political Science Review, 96(3), 565-574.

Campbell, A. L. (2003). How policies make citizens: Senior political activism and the American
welfare state. Princeton University Press.

Morgan, K. J., & Campbell, A. L. (2011). The delegated welfare state: Medicare, markets, and
the governance of social policy (Vol. 1). Oxford University Press.

Campbell, A. L. (2012). Policy makes mass Politics. Annual Review of Political Science, 15,

34



333-351.

Charbonneau, E., & Van Ryzin, G. G. (2012). Performance measures and parental satisfaction
with New York City schools. The American Review of Public Administration, 42(1), 54-65.

Chingos, M. M., Henderson, M., & West, M. R. (2012). Citizen Perceptions of Government
Service Quality: Evidence from Public Schools. Quarterly Journal of Political Science, 7(4),
411-445.

Chong, A., De La O, A. L., Karlan, D., & Wantchekon, L. (2010). Information dissemination and
local governments’ electoral returns, evidence from a field experiment in Mexico. Unpublished
ms., Yale University.

Converse, P. E. 1964. The nature of belief systems in mass publics. Survey Research Center,
University of Michigan.

Curto, Vilsa E., Roland G. Fryer, Jr. and Meghan L. Howard. (2011). It may not take a village:
increasing achievement among the poor, G. Duncan and R.Murnane (eds), Whither Opportunity?
Rising Inequality, Schools, and Children’s Life Chances. Chapter 24. Russell Sage Foundation,
2011

Dee, T. S., & Jacob, B. (2011). The impact of No Child Left Behind on student achievement.
Journal of Policy Analysis and Management, 30(3), 418-446.

Carpini, M. X. D. (1996). What Americans know about politics and why it matters. Yale
University Press.

Mueller, C. M., & Dweck, C. S. (1998). Praise for intelligence can undermine children's
motivation and performance. Journal of personality and social psychology, 75(1), 33.

Ehrensal, P. A., & First, P. F. (2008). Understanding school board politics: Balancing public
voice and professional power. handbook of education politics and policy, 73-88.

Epstein, J. L., Sanders, M. G., Simon, B. S., Salinas, K. C., Jansorn, N. R., & Van Voorhis, F. L.
(1999). School, family, and community partnerships. Corwin Press.

Erikson, R. S., & Stoker, L. (2011). Caught in the draft: The effects of Vietnam draft lottery
status on political attitudes. American Political Science Review, 105(02), 221-237.

Fehrmann, P. G., Keith, T. Z., & Reimers, T. M. (1987). Home influence on school learning:
Direct and indirect effects of parental involvement on high school grades. The Journal of

Educational Research, 330-337.

Ferraz, C., & Finan, F. (2009). Motivating politicians: The impacts of monetary incentives on
quality and performance (No. w14906). National Bureau of Economic Research.

Figlio, D. N., & Winicki, J. (2005). Food for thought: the effects of school accountability plans

35



on school nutrition. Journal of public Economics, 89(2), 381-394.

Figlio, D. N., & Ladd, H. F. (2008). School accountability and student achievement. Handbook
of research in education finance and policy, 166-182.

Freitag, M. (2006). Bowling the state back in: Political institutions and the creation of social
capital. European Journal of Political Research, 45(1), 123-152.

Frisco, M. L., Muller, C., & Dodson, K. (2004). Participation in Voluntary Youth-Serving
Associations and Early Adult Voting Behavior. Social Science Quarterly, 85(3), 660-676.

Fuhrstenberg, Frank. (2011). The Challenges of Finding Causal Links Between Family
Education Practices and Schooling Outcomes. G. Duncan and R.Murnane (eds), Whither
Opportunity? Rising Inequality, Schools, and Children’s Life Chances. Chapter 22. Russell Sage
Foundation, 2011

Gerber, A. S., & Green, D. P. (2000). The effects of canvassing, telephone calls, and direct mail
on voter turnout: A field experiment. American Political Science Review, 653-663.

Gerber, A. S., Green, D. P., & Larimer, C. W. (2008). Social pressure and vote turnout: Evidence
from a large-scale field experiment. American Political Science Review, 102(1), 33.

Green, D. P., & Gerber, A. S. (2008). Get out the vote: How to increase voter turnout. Brookings
Institution Press.

Hainmueller, J., & Kern, H. L. (2008). Incumbency as a source of spillover effects in mixed
electoral systems: Evidence from a regression-discontinuity design. Electoral Studies, 27(2),
213-227.

Hart, D., & Atkins, R. (2002). Civic competence in urban youth. Applied Developmental
Science, 6(4), 227-236.

Hart, D., Donnelly, T. M., Youniss, J., & Atkins, R. 2007. High school community service as a
predictor of adult voting and volunteering. American Educational Research Journal, 44(1), 197-

219.

Hastings, J. S., Kane, T. J., Staiger, D. O., & Weinstein, J. M. (2007). The effect of randomized
school admissions on voter participation. Journal of Public Economics, 91(5), 915-937.

Hirschman, A. O. (1970). Exit, voice, and loyalty: Responses to decline in firms, organizations,
and states (Vol. 25). Harvard university press.

Imbens, G. W., & Lemieux, T. (2008). Regression discontinuity designs: A guide to practice.
Journal of Econometrics, 142(2), 615-635.

Jacobs, Alan M. and Weaver, R. Kent. (2010) Negative Policy Feedback and Policy Change.
APSA 2010 Annual Meeting Paper.

36



Jacobson, G. C. (2007). Referendum: The 2006 midterm congressional elections. Political
Science Quarterly, 122(1), 1-24.

Jacobsen, R., Saultz, A., & Snyder, J. W. Working Paper. Informing or shaping public opinion?
The influence of school accountability data format on public perceptions of school quality. Paper
Prepared for The Association for Education Finance and Policy—37th Annual Conference.

Jeynes, W. H. (2005). A meta-analysis of the relation of parental involvement to urban
elementary school student academic achievement. Urban education, 40(3), 237-269.

Kisida, B., & Wolf, P. J. (2010). School Governance and Information: Does Choice Lead to
Better-Informed Parents?. American Politics Research, 38(5), 783-805.

Ladd, H. F. (2007). Holding schools accountable reconsidered. Spencer Lecture.

Lee, D. S. (2008). Randomized experiments from non-random selection in US House elections.
Journal of Econometrics, 142(2), 675-697.

Lee, D. S., Moretti, E., & Butler, M. J. (2004). Do voters affect or elect policies? Evidence from
the US House. The Quarterly Journal of Economics, 119(3), 807-859.

McDonnell, L. M. (2004). Politics, persuasion, and educational testing. Cambridge: MA:
Harvard University Press.

Mettler, S., & Welch, E. (2004). Civic generation: policy feedback effects of the GI Bill on
political involvement over the life course. British Journal of Political Science, 34(3), 497-518.

Mettler, S., & Soss, J. (2004). The consequences of public policy for democratic citizenship:
Bridging policy studies and mass politics. Perspectives on Politics, 2(1), 55-73.

Mettler, S. (2005). Soldiers to citizens: The GI Bill and the making of the greatest generation.
Oxford University Press.

Mettler, S. (2005). The creation of the GI Bill of Rights of 1944: Melding social and
participatory citizenship ideals. Journal of Policy History, 17(04), 345-374.

Mettler, S. (2005). “The Only Good Thing Was the GI Bill”: Effects of the Education and
Training Provisions on African-American Veterans' Political Participation. Studies in American

Political Development, 19(01), 31-52.

Mettler, S. (2011). The submerged state: How invisible government policies undermine
American democracy. University of Chicago Press.

Nichols, A. (2007). Causal inference with observational data. Stata Journal, 7(4), 507.

Patashnik, E., & Zelizer, J. (2009). When policy does not remake politics: The limits of policy

37



feedback. In APSA 2009 Toronto Meeting Paper .

Persson, M. (2012). social network Position Mediates the effect of education on active Political
Party Membership. Party Politics.

Peterson, P. E., & West, M. R. (Eds.). (2003). No child left behind?: The politics and practice of
school accountability. Brookings Institution Press.

West, M. R., & Peterson, P. E. (2006). The efficacy of choice threats within school
accountability systems: Results from legislatively induced experiments. The Economic Journal,
116(510), C46-C62.

Pierson, P. (1993). When effect becomes cause. World politics, 45(4), 595-628.

Pierson, P. (1992). “Policy Feedbacks” and Political Change: Contrasting Reagan and Thatcher's
Pension-Reform Initiatives. Studies in American Political Development, 6(02), 359-390.

Popkin, S. L. (1991). The reasoning voter: Communication and persuasion in presidential
campaigns. University of Chicago Press.

Plutzer, E. (2002). Becoming a habitual voter: Inertia, resources, and growth in young adulthood.
American Political Science Review, 96(1), 41-56.

Putnam, R. D. (2001). Bowling alone: The collapse and revival of American community. Simon
and Schuster.

Helliwell, J. F., & Putnam, R. D. (1999). Education and social capital (No. w7121). National
Bureau of Economic Research.

Rangazas, P. (1995). Vouchers and voting: An initial estimate based on the median voter model.
Public Choice, 82(3-4), 261-279.

Reynolds, A. J. (1992). Comparing measures of parental involvement and their effects on
academic achievement. Early Childhood Research Quarterly, 7(3), 441-462.

Rouse, C. E., & Barrow, L. (2008). School vouchers and student achievement: Recent evidence,
remaining questions (No. 2008-08). Working Paper, Federal Reserve Bank of Chicago.

Schattschneider, E. E. (1935). Politics, Pressures and the Tariff: A study of free private
enterprise in pressure politics, as shown in the 1929-1930 revision of the tariff. Prentice-Hall,
inc..

Schneider, M., Teske, P., Marschall, M., Mintrom, M., & Roch, C. (1997). Institutional

arrangements and the creation of social capital: The effects of public school choice. American
Political Science Review, 82-93.

38



Solis, A. (2012). Does Higher Education Cause Political Participation?. University of California
Berkeley.

Sondheimer, R. M., & Green, D. P. (2010). Using experiments to estimate the effects of
education on voter turnout. American Journal of Political Science, 54(1), 174-189.

Soss, J. (1999). Lessons of welfare: Policy design, political learning, and political action.
American Political Science Review, 363-380.

Soss, J., & Schram, S. F. (2007). A public transformed? Welfare reform as policy feedback.
American Political Science Review, 101(1), 111.

Teigen, J. M. (2006). Enduring effects of the uniform: Previous military experience and voting
turnout. Political Research Quarterly, 59(4), 601-607.

Tenn, S. (2007). The effect of education on voter turnout. Political Analysis, 15(4), 446-464.

Thistlethwaite, D. L., & Campbell, D. T. (1960). Regression-discontinuity analysis: An
alternative to the ex post facto experiment. Journal of Educational psychology, 51(6), 309.

White, H. C. (1992). Identity and control: A structural theory of social action. Princeton
University Press.

Wichowsky, A., & Moynihan, D. P. (2008). Measuring how administration shapes citizenship: A
policy feedback perspective on performance management. Public Administration Review, 68(5),
908-920.

Zaller, J. (Ed.). (1992). The nature and origins of mass opinion. Cambridge university press.

39



APPENDIX

Figure 1: Policy Feedback
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Table 1: Summary Statistics by AYP Status
Schools

Variable Failed Schools  Passing Schools P(T=C)
# Students 530 492 0.10
% Targeted Assistance 39.0% 43.1% 0.30
% Female 48.6% 48.8% 0.33
% Migrant 0.1% 0.2% 0.60
% Homeless 0.2% 0.2% 0.58
% Parents w College Degree 27.4% 30.2% 0.16
% Free/Reduced Lunch 52.0% 50.0% 0.06
% Gifted in Reading 9.2% 8.2% 0.20
% Gifted in Math 9.1% 8.5% 0.49
% African American 31.3% 26.1% 0.00
% Students w Disability 13.9% 13.3% 0.10

Voters

Variable Failed Schools  Passing Schools P(T=C)
Lagged Voter Turnout 39.6% 41.1% 0.40
% Democrats 44.1% 43.2% 0.53
% African American 19.4% 17.4% 0.16
% Female 53.6% 55.1% 0.07
Age 52.4 52.2 0.60
#Voters in School Zone 1042 1124 0.30

Note: The following summary statistics are from a bandwidth of .04 around the pass/fail
discontinuity. Prob. T=C is from a simple difference of means (more accurately expressed:

P(T=C) | Hp: True
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Table 2: Election-School Matching

Election Data Election Date AYP Data Released  School Year Data
2004 General 11/2/04 7/21/2004 2003-2004
2005 Municipal 11/8/05 7/21/2005 2004-2005
2006 Primary 5/2/06 7/21/2005 2004-2005
2006 General 11/7/06 7/21/2006 2005-2006
2007 Municipal 11/6/07 7/21/2007 2006-2007
2008 Primary 5/6/08 7/21/2008 2006-2007
2008 General 11/4/08 7/21/2008 2007-2008
2009 Municipal 11/3/09 7/21/2009 2008-2009
2010 Primary 5/4/10 7/21/2009 2008-2009
2010 General 11/2/10 7/21/2010 2009-2010
2011 Municipal 11/8/11 7/21/2011 2010-2011
2012 Primary 5/8/12 7/21/2011 2010-2011

Table 3: Channels and Subgroup Scores Determine AYP Status

School Subgroup 1 Subgroup 5 Subgroup 7 | Subgroup 10 AYP Status
Growth
Proximity Proximity
Growth Level Level
Level Proximity Fail
School 1 Growth (Subgroup 10)

Level
Proximity
Growth

Table 3 shows the inputs of determining 1.) failure and 2.) distance from failure. First, if one of the three
channels (level, growth, or proximity) is above the threshold (represented by the line within the cells), the
school passes within that subgroup. If not, the subgroup fails. Schools must be over the threshold in all
subgroups to pass. School 1 fails AYP because of its performance within subgroups 7 and 10.

Second, to identify distance from failure I choose one channel per subgroup then one subgroup per
school (see [D1] and [D2]). In this example the channels would be proximity (for subgroup 1), growth
(subgroup 5), and level (subgroups 7 and 10). Because it’s chosen channel is further away from the
threshold, Subgroup 10’s level score would be used to define distance from failure.
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Figure 2: AYP Status in NC (2010)
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Figure 3: Fuzzy Treatment at the Margin
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Figure 4: Covariate Balance at Discontinuity
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Note: Figure 3 shows balance of observable covariates at the discontinuity. Regression discontinuity designs
assume that those who were just barely treated are the same as those who were marginally not treated. On these
observables, this assumption appears to be satisfied.
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Figure 5: McCrary Density Test by Running Variable Specification
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Panel A: Collapsed to School Level

Table 4: Overall Estimates

DV=Proportion Voted
Bandwidth= .1

DV=Proportion Voted

Bandwidth= .2

DV=Proportion Voted

Bandwidth= .3

DV=Proportion Voted

Bandwidth= 4

DV=Proportion Voted
Quartic Polynomial

Failing School -0.007
[-.049, .033]

MSE 0.08

R2 0.001

N 6,615

0.027%*
[.001, .053]

0.08
0.001
11,133

0.027%%*
[.005, .049]

0.08
0.001
12,964

0.023%*
[.003, .042]

0.08
0.001
13,642

0.022%*
[.000, .043]

0.08
0.002
14,041

Panel B: Individual Level with Clustering

DV=Voted (0=No,
1=Yes)
Bandwidth= .1

DV=Voted (0=No,
1=Yes)
Bandwidth= .2

DV=Voted (0=No,
1=Yes)
Bandwidth= .3

DV=Voted (0=No,
1=Yes)
Bandwidth= .4

DV=Voted (0=No,
1=Yes)
Quartic Polynomial

Failing School 0.022
[-.005, .054]

R2 0.0005

N 7,616,924

Clusters 6,618

0.013
[-.012, .039]

0.0005
12,741,562
11,136

0.025%*
[.002, .047]

0.0013
14,721,027
12,966

.029%%*
[.007, .049]

0.0018
14,721,027
13,644

0.020%*
[.001, .039]

0.0004
15,855,806
14,043

*¥EX, 01, *¥*<, 05, ¥*<.10. 95% Confidence Intervals are in square braces below coefficient estimates. Standard errors for the models in Panel B are clustered

at the school level, using the Moulton procedure outlined by Angrist and Lavy (2008).
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Figure 6: Overall Effect
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Table 5: Bias from Movers

Voter Type Move to a Failing | Move to a Passing
School School
High Propensity Overestimate Underestimate
Low Propensity Underestimate Overestimate

Table 6: When Schools Fail, Do Voters Move?

1\% DV Overall No Sanction Sanction at Stake
# Registered Voters
(Quartic Polynomial, All Data) -347* -367 -181
# Registered Voters
(Quartic Polynomial, Bandwidth= .8) -475%* -622%* -311
# Registered Voters
Failing (Quartic Polynomial, Bandwidth= .6) -557* -744%* -428
School # Registered Voters
(Quartic Polynomial, Bandwidth= .4) -473 -849 -122
# Registered Voters
(Quartic Polynomial, Bandwidth=.2) -267 -980 388
# Registered Voters
(Linear, Bandwidth=.1) -283 -767 147

k<01, *¥*<. 05, *<.10. The table shows coefficients for failing schools in the RD models. Rows
are the model type. Columns are whether failure would lead to sanctions.

Table 7: When Schools Fail, Who Moves?

DV: Prop. DV: Prop. Parent
DV FRL College
Failing School .09* - 25%*
MSE 0.042 0.044
R2 0.01 0.01
N (Students) 1095983 4571053
N (Schools) 2006 10223

*** 01, **<, 05, *<.10. The table shows
coefficients for failing schools in the RD
models. SE's clustered to school level.



Table 8: Heterogeneities- Election Type
Panel A: Collapsed to School Level

DV=Proportion Voted = DV=Proportion Voted = DV=Proportion Voted

Municipal Elections Primary Elections General Elections
Failing
School 0.004 0.013 0.042%*
[-.027, .035] [-.008, .035] [.007, .076]
MSE 0.02 0.04 0.05
R2 0.004 0.028 0.055
N 1703 6847 4936

Panel B: Individual Level with Clustering

DV=Voted (0=N, I=Y) DV=Voted (0=N, 1=Y) DV=Voted (0=N, I=Y)

Municipal Elections Primary Elections General Elections

Failing
School 0.002 0.052%** 0.098***

[-.026, .030] [.035, .068] [.076, .120]
MSE 0.12 0.21 0.23
R2 0.003 0.006 0.01
N 2793236 7541820 4728369
Clusters 1702 6850 4936

FEERL 01, **<. 05, *<.10. 95% Confidence Intervals are in square braces below
coefficient estimates. Standard errors for the models in Panel B are clustered at the school
level, using the Moulton procedure outlined by Angrist and Lavy (2008).



Table 9: Heterogeneities- Demographics

DV=Prop. DV=Prop. DV=Prop. DV=Prop. DV=Prop. DV=Prop.
Voted Voted Voted Voted Voted Voted
Female Male Black White Democrat Republican
Failing School 0.044%** 0.015 0.050%** 0.006 0.055%** 0.014

[.012, .076] [-.015, .045] [.008, .092] [-.027, .040] [.015, .094] [-.025, .054]

MSE 0.08 0.08 0.06 0.09 0.07 0.08
R2 0.004 0.002 0.009 0.002 0.003 0.002
N 6974 7647 3311 7145 4169 4839
DV=Prop. DV=Prop. DV=Prop. DV=Prop. DV=Prop.
Voted Voted Voted Voted Voted
17<Age=<35 35 <Age <50 50 < Age <55 55 < Age <65 Age <65
Failing School -0.03 0.043** 0.002 0.050** -0.041

[-.219, .160] [.003, .082] [-.027, .033] [.003, .097] [-.248, .165]

MSE 0.11 0.07 0.06 0.08 0.17
R2 0.014 0.006 0.005 0.007 0.003
N 267 3996 5884 3460 434

R 01, *¥*<, 05, #*<.10. 95%. 95% Confidence Intervals are in square braces below coefficient estimates.
Heavily populated areas are defined as 1/2 ¢ above the mean
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Table

10: Heterogeneities- Years in Sanction

Years in
Sanction Overall Female Male Black White Democrat Republican
All 0.022%** 0.043** 0.015 0.032%** 0.009 0.032%** 0.025
0 0.012 0.042%* -0.010 0.041%* -0.005 0.028 0.016
1 -0.009 -0.006 -0.052 0.012 -0.101%** 0.042 -0.119%*
2 0.054%* 0.030 0.122%* .073* 0.031 -0.009 0.072
3 -0.073* -0.016 -0.149%* 0.028 -0.216%** 0.002 -0.219%**
4 0.121 0.252%* 0.163 0.048 0.148 0.108 0.207
5 -0.012 -0.032 -0.004 -0.023 -0.018 -0.007 -0.020
>5 -0.222%* -0.270%* 0.083 -0.226* -0.302 -0.167 -0.067
Years in 17<Age< 35<Age< 50 <Age < 55<Age<
Sanction Overall 35 50 55 65 Age <65
All 0.022%** -0.029 0.043** 0.003 0.050** -0.041
0 0.012 0.075 0.029 0.001 0.036 -0.229*
1 -0.009 - 0.060 -0.076 -0.093 0.386
2 0.054%* - 0.067 0.017 -0.010 0.214
3 -0.073* - -0.080 0.021 -0.250* -
4 0.121 - 0.169 0.031 0.500%* -
5 -0.012 - 0.067 0.144 - -0.289
>5 -0.222%* - -0.206** -0.020 0.054 ST78**

*¥E*X< 01, ¥*<.05, ¥*<.10 Coefficients from data collapsed to the schol level. Highly populated groups are
defined as greater than the median. All models are from a quartic polynomial specification. Rows denote how
long a school has been in failing when they fail in time t.
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Table 11: Effect Sizes

Face to
Treatment Face Mailers Telephone | Treatment Failing School
Overall 0.098#:** 0.0063*** -0.035 Overall 0.020*%*-0.029%**
Civic Duty 091 % Q1 8%#* - Generals 0.042%%-0.098***
Solidarity 0.051 - - Primaries 0.013-0.052%**
Election is Close 0.12]%** - - Municipals 0.002-0.004
Hawthorne - 026%** - Female 0.044 7%
Self Voting - 049%%* - Black 0.050%**
Social Pressure - 081 #** - Democrat 0.055%**

*¥rEk< 01, ¥*<, 05, *<.10. Estimates of GOTV are drawn from Gerber & Green 2000 and Gerber, Green, Larimer 2008. For the
failing schools, the upper and lower bound estimates are reported. Failing schools have impacts similar to other GOTV efforts.
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